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Describing data
LECTURE 15

1

1

Training

The dissemination phase

§ Last step of the journey

§ Typically, after survey and data 
processing are concluded, a 
report is released, aimed at 
describing main findings from 
survey
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Dissemination of what?

Topics vary according to contents of the survey, target audience, etc., 
but there are some common elements:

1. Background information on sampling 

2. Descriptive statistics (roughly corresponding to survey modules)

3. In the case of income and expenditure surveys, measures of 
inequality and poverty

Next slides cover these 3 points, with tips for effective presentation and 
examples.
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A note on the target audience

§ Addressing a technical or academic audience is different than 
informing laypeople or the media

§NSOs often use different communication instruments for these 
different audiences, e.g. technical reports vs. press releases

§ But ‘technical’ is not a synonym for ‘obscure’

§ This lecture covers general principles that are useful for different 
audiences
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1. Background information
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The need for background information

§ Survey reports are usually designed to be accessible to a non-technical audience

§ But technical background information must still be present, to inform more 
advanced readers and facilitate comparisons over time and across countries

§ Background information can be presented separately from “core” results, as 
introductory chapters, appendices, or even a companion document, but must not 
be omitted
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What not to miss

§ Reports should document at least the following survey design features and 
processing choices:

a. Sampling design
Sample size, stratification, representativeness…

b. Data  collection and processing
Fieldwork, outlier detection and treatment, data imputation…

c. Definitions of economic concepts and aggregates used
E.g. disposable income, total household consumption, imputed rent… May be 
presented as a glossary
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Documentation on sampling design
what to include

§ Sampling design report with
- Allocation of sample into strata and indication of excluded strata, if any
- Estimation formulas (selection probabilities and weights)

§ Household listings forms

§ Sample frames
- For the first sampling stage/s: list of all sampling units 
- For the last sampling stage: list of all households in each sample point

§ Non-response rates
§ On the survey datasets

- Sampling weights
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Kenya, 2015
Kenya Integrated Household Budget Survey (KIHBS)

9

9



4

Training

Kenya, 2015
Kenya Integrated Household Budget Survey (KIHBS)

10

10

Training

Documentation on fieldwork
what to include

§ Training
- Calendar
- Quizzes

- Evaluation forms and selection procedures

§ Composition and territorial deployment of the field teams
§ Dates of field work
§ Problems encountered
§ Changes to field procedures
§ Supervision forms
§ Non-response rates, by interviewer
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Uganda, 2016/17
National Household Survey
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Definition of economic concepts and aggregates
an example from South Africa (p.125)
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Poverty trends in South Africa
An examination of absolute poverty between 2006 and 2015
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2. Descriptive statistics

14

14

Training

How to describe data effectively

1) Text

2) Tables

3) Graphs
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Text

§ Effective writing complements 
good tables and graphs

§ Today we focus on the latter: 
writing deserves a separate 
discussion

§ A useful reference
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Tables

§ Tables are omnipresent in data dissemination reports

§Often used when describing two variables jointly (two-way tables), e.g. 
income by region, population by age…
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What do you think of this table?
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Income inequalities by area of residence and geopolitical Zone for 2001 and 2010
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Table elements
“The sandwich”

19

Data
Row stubs

Column headers

Table title

Notes: …
Sources: …

Row 
totals

Column totals
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What makes a good table
Golden rule #1

Express contents clearly

1. The table title should answer the questions “what”, “where” and “when”, but 
still be concise

2. Tables should be self-contained: use notes to clarify definitions, abbreviations, 
etc.

3. Percentage distributions of discrete variables should be clearly identified as 
either percentages of households or percentages of the population

4. Row and column totals should be reported, when they identify a marginal 
distribution
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What makes a good table
Golden rule #2

Reduce clutter

1. Avoid unnecessary colors, repetitions (e.g. use % or $ just once, in the 
title, rather than throughout the table)

2. Precision of numbers: do not present too many significant digits. 
Percentages: one decimal digit is usually enough. Numbers with four or 
more digits: no decimals at all. Large numbers: express them in thousands 
or millions

3. Be mindful of spacing and alignment
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What’s wrong with this table?
UNECE (2009: 12)
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A possible table redesign
UNECE (2009: 12)
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Title is clear, descriptive and 
self-contained

Note clarifies meaning of “n/a”; 
data source is clearly stated

Column totals clarify content 
of the table

Formatting is not cluttered

Row stubs and column headers 
are emphasized
Useless decimals are omitted
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Graphs

§ In many cases, presentation of 
data can be made more 
interesting and intuitive by using 
graphs or charts rather than 
tables.

§Many of the “golden rules” that 
help make better tables also 
apply to graphs.
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What makes a good graph
Golden rule #3

Express contents clearly

1. A good graph title answers the same questions as a good table title

2. Graphs should be self-contained too (use notes)

3. Explain encoding: always label axes and data series clearly

4. Avoid visualizations that mislead the eye: two notorious “sins” are 
bar charts with a nonzero baseline, and 3D pie charts
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Bar charts with nonzero baseline

§ Bar charts rely on bar length to show 
data: compare lengths to compare values 

§ Shifting the baseline distorts the visual: a 
value twice as high no longer 
corresponds to a bar twice as long

§Graphs on the right show the same data, 
but appear very different
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3D pie charts

§ Pie charts encode data in the area of 
each slice: larger slice equals higher 
share

§ A 3D pie chart distorts angles, making 
the slice that is “closer” to the viewer 
appear larger than it actually is

§ This visualization can mislead viewers, 
and should be avoided
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Source: Hickey, Business Insider, Jun. 17, 2013
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What makes a good graph
Golden rule #4

Reduce clutter

1. Again, avoid unnecessary colors and decorative elements that obfuscate 
the message of the graph

2. Precision of numbers: same recommendations as for tables

3. Do not crowd graph with too many data points: viewer should be able to 
understand the message of the graph easily, without having to parse too 
much visual information (if that is the issue, select a subset of relevant 
values, or consider using a table instead)
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On pie charts

“Because pie charts force readers to make comparisons using the areas of the slices
or the angles formed by the slices—something that our visual perception does not
accurately support — they are not an effective way to communicate information”
Schwabish (2014: 223)
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Graph redesign

A pie chart, labeled Pie chart alternative: 
a bar or column chart

Source: Schwabish (2014: 223)
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What’s wrong with this graph?

31

Source: Schwabish (2014: 218)
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Graph redesign
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Source: Schwabish (2014: 220)
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What’s wrong with this graph?
Zambia, Living conditions monitoring survey report 1996 and 2015
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Incidence of poverty rural/urban, 1996 Incidence of poverty rural/urban, 2015
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Useful references
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3. Inequality and poverty
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Overview

§ Tips for presentation of generic summary statistics still apply

§ There are a few additional points to be made specifically about 
presenting results on poverty and inequality:

a. Popular measures and graphics (from lectures 13 and 14)

b. Best practices for making comparisons
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Suggested inequality measures
Malawi poverty assessment IHS2 IHS3, Inequality indices

§Gini is so prevalent internationally that it cannot be omitted, the rest is 
extra credit
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M LD (GE(0))
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Suggested inequality charts: The Lorenz Curve
Zambia, Living conditions monitoring survey report 2015

§ Much like the Gini index, 
the Lorenz curve is a 
staple when reporting 
about inequality

§ Especially useful when 
comparing inequality 
across sub-populations 
(Lorenz dominance)
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Suggested poverty measures
2015/16 Kenya Integrated Household Budget Survey (KIHBS)

§ FGT, the rest is extra credit
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Suggested poverty charts: overlayed CDFs
Kenya gender and poverty assessment 2015/16

§ Stochastic dominance analysis is 
useful when comparing poverty in 
sub-populations

§ Here one CDF lies below the other, 
at any level of consumption

§ Urban First Order Stochastically 
Dominates (FODs) rural

§ Interpretation: the incidence of 
absolute poverty is lower in urban 
areas, irrespective of the level 
chosen for the poverty line.
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Making comparisons

§Many audiences (policy makers, general public) are especially 
interested in comparisons of poverty and inequality, over time or 
across regions

§ Poverty and inequality trends are among the most visible and 
impactful results to emerge during dissemination

§ Comparability of underlying data and methods is key: if processes that 
led up to estimates differ, comparison is invalid

§ Being transparent on comparability is key!
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Changes in data and methodology

§ Comparability of data and methods underlying the estimates that are 
being presented is key

§ If processes that led up to estimates differ, comparison is invalid and 
readers may be misled

§Minimize incomparability

§ If some discrepancies remain, be fully transparent
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Tanzania, 2012
Poverty Assessment
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Tanzania, 2012
Poverty Assessment, HBS 2007 and 2011/12 recall modules
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The importance of uncertainty

§ Poverty calculations are based on a sample of households, and 
samples carry a margin of error in representing the population

§ Standard errors should always be estimated along with poverty point 
estimates

§ Crucial when making comparisons (over time, across regions): poverty 
changes should not be taken at the face value

§Note: probability weighting, clustering, and stratification, are survey 
design features which must be taken into account when estimating 
standard errors.
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Ethiopia, 2015
Household Income Consumption & Expenditure
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Sensitivity Analysis
Bosnia and Herzegovina, 2003 (vol. II)
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Sensitivity Analysis
Excerpt from the table of contents
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Sensitivity Analysis
Conclusions
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Lessons learned

1. Explain clearly what your table or graph is showing (titles, labels, 
notes…)

2. Only if point 1 is checked, reduce clutter: keep frills to a minimum

3. When showing results on inequality and poverty, include the shortlist 
of key measures and graphs indicated in this lecture, which the 
international community has come to expect

4. Comparisons: document changes in data and methodology, and 
include measures of uncertainty of estimates whenever possible
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Suggested websites and blogs
(tutorials, tips, data visualization examples)
Alberto Cairo: thefunctionalart.com

Stephanie Evergreen: stephanieevergreen.com

Nathan Yau: flowingdata.com

Jonathan Schwabish: policyviz.com
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Thank you for your attention
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Homework
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Exercise 1 – Engaging with the literature
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§ The dissemination of microdata 
often (but not always) 
accompanies the dissemination of 
findings and summary statistics 
from a survey

§ Summarize the discussion of the 
pros and cons of data 
dissemination in Dupriez et al. 
(2010) p. 16-23
http://ihsn.org/sites/default/files/resources/IHSN-
WP005.pdf
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Exercise 2 - Standard Errors
Poverty analysis of the integrated household survey in The Gambia 2003 (p49-50)
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§ Compare point estimates 
with interval estimates, 
assuming a 95% confidence 
level, and briefly comment 
on results
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Exercise 3 - Sensitivity analysis
Myanmar Poverty and Living Conditions Survey 2015

56

§ Briefly comment on the 
robustness of the poverty 
line to different calorie 
norms. 

Technical poverty estimation report (p48)
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